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Abstract

Recovering a low rank matrix from a subset of its entries, is known
as the matrix completion (MC) problem. When some of the observed
entries are corrupted, this problem is known as robust matrix comple-
tion (RMC). Existing methods have several limitations: they require a
relatively large number of observed entries; they may fail under over-
parameterization, when their assumed rank is higher than the correct
one; and many of them fail to recover even mildly ill-conditioned matri-
ces. In this talk, I’ll describe simple iterative methods for both the MC
and the RMC problems, that empirically overcome these limitations.
Our approach to both the MC and RMC problems is a factorization-
based iterative algorithm, based on a Gauss–Newton linearization, and
in the latter case combined with removal of entries suspected to be out-
liers. We present theoretical guarantees for both methods, which are
amongst the best known for factorization-based approaches.
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